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Assumptions e e e - e | with Intruder Output Signal:
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Waveforms for human, animal and clutter

Support

h(t): Impulse response of PIR
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Feature Performance on Real-World and Simulated Data

Features Minimum Accuracy % Average Accuracy % R Intruder : :

Intruder Clutter Total Intruder Clutter | Chirplet B ' 5 5

.= || Features ii
RWD| SD |[RWD| SD |[RWD| SD |RWD| SD |RWD | SD | Clutter ::

94.2 | 88.6| 96.3 |87.0|94.8 |88.0/97.4 929 96.3 |92.6 : : .
Real-World Data Simulated Data

95.6 |96.2| 96.3 |87.0| 95.8 |92.5|97.4 |95.0| 97.8 | 94.1 : : = -
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Clutter 96.3 98.3 96.4 99.2
Intruder 100 98.6 98.7 99.2
Features Minimum Accuracy % Average Accuracy % Human 95.0 98.0 100.0 100.0
Animal Total Animal Animal 100.0 99.5 100.0 100.0

96.7 95.7 : 99.3 : Overall 98.8 99.9 99.4 99.9
100 98.8 99.5

Intruder vs Clutter

Reference : J. C. O’Neill, P. Flandrin and W. C. Karl, “Sparse representations
with chirplets via maximum likelihood Estimation”
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